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Beliefs have long been hypothesized to affect behavior 
(Ajzen, 1991; Hochbaum, 1958). A large body of empirical 
research shows an association between these two con-
structs (Sulat et al., 2018; for a more nuanced view, see 
Bechler et al., 2021). For example, beliefs about tubercu-
losis predict voluntary chest X-rays (Hochbaum, 1958), 
religious beliefs associate with crime rates (Shariff & 
Rhemtulla, 2012), and beliefs about intelligence correlate 
with learning success (Mangels et al., 2006). More recent 
work also found that a manipulation aimed at changing 
politically charged beliefs led to change in donations to 
political causes (Vlasceanu et al., 2023).

Researchers have built on this extensive literature, 
and interventions to alter beliefs have proliferated in 
recent years (Farkas & Schou, 2019). Large-scale studies 
took aim at significant problems of today, from misin-
formation and conspiracy theories (Lewandowsky et al., 
2012) to discrimination toward women in workplaces 
(Chang et al., 2019) to polarization in American society 
(Voelkel et al., 2023). For all their strengths, these promising 

efforts reveal significant limits of belief interventions. 
As an example, Voelkel and colleagues (2023) tested 
25 interventions to reduce political animosity between 
liberals and conservatives in the United States. Com-
pared with a control group, a large majority of these 
interventions were significantly more effective at reduc-
ing partisan animosity immediately after the treatments 
were administered. However, after a 2-week delay, the 
impact of these interventions diminished drastically. 
Similar limitations of belief-based interventions were 
observed in field experiments that tested the impact of 
an online diversity training on promoting equality in an 
organizational setting (Chang et al., 2019). The positive 
effect of this intervention on behavior emerged only for 
employees whose attitudes were supportive of gender 
equality before the online training.
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Abstract
Changing entrenched beliefs to alter people’s behavior and increase societal welfare has been at the forefront of 
behavioral-science research, but with limited success. Here, we propose a new framework of characterizing beliefs 
as a multidimensional system of interdependent mental representations across three cognitive structures (e.g., beliefs, 
evidence, and perceived norms) that are dynamically influenced by complex informational landscapes: the BENDING 
(Beliefs, Evidence, Norms, Dynamic Information Networked Graphs) model. This account of individual and collective 
beliefs helps explain beliefs’ resilience to interventions and suggests that a promising avenue for increasing the 
effectiveness of misinformation-reduction efforts might involve graph-based representations of communities’ belief 
systems. This framework also opens new avenues for future research with meaningful implications for some of the 
most critical challenges facing modern society, from the climate crisis to pandemic preparedness.
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In this article, we propose that beliefs are resilient 
to change because they are (a) embedded in a multi-
dimensional, self-sustaining system of mental represen-
tations and (b) shaped and reinforced continuously by 
the social interactions people have in their communi-
ties. Simple and brief interventions aimed at changing 
beliefs are therefore unlikely to be successful in the 
long term (Rodriguez et al., 2016). This is for at least 
two reasons. First, belief systems—by virtue of the rela-
tional nature of the belief elements they contain—
exhibit homeostasis. Previous work has convincingly 
modeled these system-level forces as solutions to con-
straint satisfaction (Monroe & Read, 2008) or energy-
minimization (Dalege et  al., 2016) problems. And 
second, following these brief interventions, people 
often return to their previous informational environ-
ments. This involves frequent exposure to situations 
that are likely to evoke their long-held beliefs (Brugnoli 
et al., 2019), such as consumption of mass media and 
social media that offer a ready-made defense of their  
preexisting views (Broockman & Kalla, 2022), and inter-
actions within tight-knit communities that are likely to 
further reinforce their belief systems (Frenkel et  al., 
2020).

Acknowledging the complex ecosystem that people’s 
beliefs are grounded in and supported by should  
not deter programmatic efforts to counter beliefs that 
can scientifically prove to be egregiously false. Well-
established research has shown that beliefs can be a 
gateway to behavior (Van der Linden, 2021). The key 
to advancing more successful interventions, we claim, 
is a more sophisticated mapping of beliefs as mental 
constructs embedded in complex systems at both indi-
vidual and collective levels (Botvinik-Nezer et al., 2023; 
Dalege et al., 2016; Rodriguez et al., 2016). This map-
ping has the potential to guide the design of effective 
belief-based interventions. In what follows, we provide 
a framework that could be used to map people’s beliefs. 
Building on this framework, we suggest ways to design 
interventions aimed at changing people’s beliefs and 
behaviors.

Belief Systems as Multidimensional 
Cognitive Structures: Beliefs, Evidence, 
Norms Dynamic Information  
Networked Graphs

The psychological construct of “belief,” broadly defined 
as the mental acceptance of the truth of a statement 
(Ajzen & Fishbein, 1975; Eagly & Chaiken, 1998; Shermer, 
2012), has sparked the interest of scientists for at least a 
century (e.g., Lund, 1925). More recently, this interest has 
reemerged across the social sciences, with burgeoning 

developments in philosophy (Schwitzgebel, 2011), social 
psychology (Rutjens & Brandt, 2019), behavioral eco-
nomics (Minton & Kahle, 2013), environmental science 
(Sherman et al., 2022), sociology (Boutyline & Vaisey, 
2017), and computational modeling (Brandt & Sleegers, 
2021). Capitalizing on this emerging body of work, we 
propose a theoretical framework for studying beliefs: 
the BENDING (Beliefs, Evidence, Norms Dynamic Infor-
mation Networked Graphs) model (Fig. 1). This frame-
work has the potential to facilitate a more systematic 
investigation of belief systems, incorporating not only  
within-individuals dynamics (Vlasceanu & Coman, 2018) 
but also between-individuals social influence (Vlasceanu 
et al., 2020; Vlasceanu et al., 2021b).

We define belief systems as dynamical systems of 
interrelated mental representations specific to each 
individual that can give rise to concrete behavioral sig-
natures. Several research groups have made meaningful 
advances in understanding the dynamics of these belief 
systems. Some have conceptualized attitudes as net-
works that consist of beliefs, feelings, and emotions 
toward an attitudinal object (causal-attitude network; 
Dalege et  al., 2016), whereas others have modeled 
belief systems as interconnected attitudes and values 
(Turner-Zwinkels & Brandt, 2022). We complement 
these approaches by conceiving belief systems as inter-
related networks of belief elements composed of evi-
dence, beliefs, and perceived norms (see Fig. 1). These 
levels and the characteristics of the different constructs 
are not exhaustive. Rather, they are provided as exam-
ples of dimensions on which these constructs may  
vary. We chose to focus on these specific examples 
given recent empirical developments showing how 
beliefs can be changed by leveraging these constructs 
(Vlasceanu, 2021). We encourage researchers to con-
sider additional dimensions that might be relevant to 
the particular contexts in which they study belief sys-
tems. In what follows, we describe the different levels 
of the framework and discuss features we believe are 
important to consider in any endeavor aimed at measur-
ing—and intervening on—belief systems.

The “evidence” consists of factual pieces of informa-
tion that an individual uses to either support or oppose 
a given set of beliefs. An example of such evidence is 
“Burning fossil fuels emits over 40 billion tons of carbon 
dioxide each year.” If people have a mental representa-
tion of this piece of evidence, they could use it to sup-
port their belief that burning fossil fuels dramatically 
affects climate change. The pieces of evidence in this 
framework are characterized by several important fea-
tures. Here, we briefly consider their accuracy, but other 
features could be measured as well, such as mode of 
acquisition and level of activation. Accuracy captures 
the distance between the subjective evidence the person 
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holds and the objective scientific truth of the statement. 
Although in some cases this deviation is nominal (e.g., 
true/false), it can also be continuous in nature. For 
instance, the fossil-fuel evidence that the person holds 
deviates from scientific evidence by 10 billion tons. In 
fact, scientists have estimated that the actual quantity is 
closer to 30 billion tons of carbon dioxide (World 
Nuclear Association, 2022).

“Beliefs” are more complex than evidence given the 
conviction with which they are held and the identity 
component they contain ( Jervis, 2006). The identity 
component involves a self-relevant dimension of one’s 
belief system by which one’s beliefs could be subjec-
tively evaluated as more or less central to one’s sense 
of self (Connors & Halligan, 2015). An example of a 
belief is “Human activities are causing a climate crisis.” 
For a believer in climate change, this belief would likely 
be evaluated as relatively central to one’s identity. At 
this level, features such as belief strength and accessibility 
play an essential role in forming, maintaining, and updat-
ing beliefs (Brinol & Petty, 2009; Ozubko & Fugelsang, 
2011; Swann et al., 1988). For example, beliefs vary in 
the strength of endorsement on a continuum such that 
different beliefs can be endorsed or opposed to different 

degrees (Wyer & Albarracín, 2005). One could strongly 
believe that “climate change is human-made,” whereas 
someone else could just moderately endorse the belief 
and easily update it upon encountering opposing views. 
Beliefs also vary in their cognitive accessibility. That is, 
given a certain contextual configuration, one could 
selectively activate beliefs to serve the current goals of 
the cognitive system (Taylor & Fiske, 1978). This model 
accounts for the capacity of a belief system to sustain 
inconsistent beliefs by resolving inconsistencies only 
when cognitive dissonance is triggered by two incon-
sistent beliefs becoming simultaneously accessible 
(McGuire, 1960; Rosen & Wyer, 1972).

The third level of the proposed belief framework 
consists of “perceived norms,” or informal rules of 
behavior that individuals are sensitive to because they 
believe others follow them, think they should be fol-
lowed, and are willing to sanction others who deviate 
(Bicchieri et al., 2011; Miller & Prentice, 2016; Paluck 
et al., 2016). An example of such a social norm is “Over 
97% of scientists agree that human activities are causing 
a climate crisis.” Social norms have been long theorized 
to influence people’s beliefs (Festinger, 1954). Just as 
in the case of evidence, these perceived norms are 
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Fig. 1. An illustration of a belief-systems approach that conceptualizes belief elements as 
multidimensional cognitive structures with three levels: evidence, beliefs, and perceived 
social norms. The connection among the different cognitive units represents a relation 
of proximity, as evaluated by the individual believer. Line thickness indicates strength of 
relation (thicker implies stronger relations). Line color indicates compatibility (red = incom-
patible; blue = compatible). Line continuity indicates the level at which a relation occurs 
(uninterrupted: within-level relation; interrupted: cross-level relation).
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characterized by a degree of accuracy. A person’s sub-
jective estimation of the proportion of people in a com-
munity that endorses or opposes a belief can deviate 
from the actual objective measurement. This discrep-
ancy has been documented across the social sciences 
and is evident in phenomena such as pluralistic igno-
rance (O’Gorman, 1986), false consensus (Ross et al., 
1977), and false polarization (Fernbach & Van Boven, 
2022). For example, even though polls have revealed 
that two-thirds of Americans support climate-mitigation 
policy, when they are asked to estimate the level of 
support at a national level, American participants think 
that only one-third is in favor of such legislation (Spark-
man et al., 2021).

The proposed framework has two main aims: (a) to 
guide novel research questions into the organizing prin-
ciples of belief systems and (b) to increase the effi-
ciency of belief-based interventions in real-world 
circumstances. Before we offer recommendations in 
these directions, we provide empirical evidence for the 
validity of the framework and discuss how these indi-
vidual belief systems are shaped by the interactions 
people have in their social networks.

Empirical Support for the BENDING 
Model

Does altering evidence affect beliefs?

The evidence that people use to support their beliefs is 
often scientifically inaccurate. Given this deviation, one 
could attempt to affect individuals’ beliefs by correcting 
the inaccurate evidence they hold. Recent work sup-
porting this conjecture has found that triggering large 
prediction errors about pieces of evidence supporting 
or refuting beliefs might be a powerful strategy for 
changing beliefs (Vlasceanu et al., 2021a). As part of the 
paradigm, participants first evaluated the believability 
of a set of statements (e.g., “All cities in the US experi-
ence more extremely hot days compared to 50 years 
ago.”). Then, they either made predictions about evi-
dence associated with the statements (e.g., “What per-
centage of US cities experience more extremely hot days 
compared to 50 years ago?”) and received feedback (i.e., 
“73%”) or were presented with just the evidence (i.e., 
“Compared to 50 years ago, 73% of cities in the US 
experience more extremely hot days”). Finally, partici-
pants reevaluated the believability of the initial state-
ments. The results showed that triggering large prediction 
errors leads to a larger magnitude of belief update than 
simply being presented with the evidence (Vlasceanu 
et al., 2021a). Several other studies have documented 
that correcting the inaccurate evidence that people use 
to support their beliefs affects their beliefs in domains 

ranging from sex trafficking (Porter et al., 2018) to cli-
mate change (Ranney & Clark, 2016).

Does making social norms salient 
affect beliefs?

A burgeoning literature provides evidence that making 
social norms salient can be used as a strategy for chang-
ing beliefs. In one such study, participants first rated 
the accuracy of a set of statements (e.g., “Supporting 
climate policy is one of the most effective ways of curb-
ing the climate crisis.”), after which they were provided 
with relevant evidence, either normative (e.g., a Twitter 
post stating “Studies show that supporting climate pol-
icy is one of the most effective ways of curbing the 
climate crisis” was constructed to appear as having 
thousands of likes and retweets) or nonnormative (e.g., 
the same Twitter post was manipulated to appear as 
having only a few likes and retweets). Finally, partici-
pants rated the accuracy of the initial set of statements 
again. The results showed that participants changed 
their beliefs more in line with the evidence when the 
evidence was portrayed as normative compared with 
when the evidence was portrayed as nonnormative, 
pointing to the meaningful influence social norms have 
on health beliefs (Vlasceanu & Coman, 2022). In agree-
ment with these results, other studies have documented 
the impact of social norms on people’s beliefs both in 
classical work on the consequences of misperceiving 
norms (Prentice & Miller, 1993) and in more recent 
investigations on norm perceptions using virality met-
rics of social media posts (Kim, 2018).

Are the elements of belief systems 
networked?

If one asks people to indicate whether their beliefs are 
related to one another, a connected structure emerges 
(Brandt & Sleegers, 2021). But are these self-reported 
relations of any consequence or just transitory side 
effects of task demands? To provide a test for the con-
sequential nature of this mapping, one could investigate 
whether changing one belief results in specific changes 
in related but not unrelated beliefs. Recent research has 
found that selectively exposing participants to beliefs 
can make those beliefs more prominent in the cognitive 
system. This prominence—manifested as increased 
recall of the beliefs that received selective practice—
resulted in increased believability of these statements 
(i.e., the illusory-truth effect; Fazio et al., 2015; Hasher 
et al., 1977). At the same time, this exposure resulted 
in decreased believability of beliefs that were part of 
the same category with the practiced beliefs but no 
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change in believability for beliefs that were not part of 
the same category (Vlasceanu & Coman, 2018).

Note that the degree of connectivity among the dif-
ferent elements in the belief system does not involve 
objective estimates but, rather, rely on measuring a 
believer’s subjective estimation. This subjective estima-
tion could involve both the degree of similarity among 
the different constructs and their compatibility. For 
example, evidence regarding fossil fuels is more similar 
in topic to evidence regarding energy efficiency than to 
evidence regarding vaccination benefits. Moreover, 
these constructs can be compatible or incompatible with 
each other. At a perceived-norm level, a registered 
Republican could be aware that “a majority of Republi-
cans think climate change is a threat,” while at a belief 
level, the same person could believe “that climate 
change is not a threat.” The two constructs in this case 
would exhibit a high degree of incompatibility (Van 
Boven et  al., 2018). Measuring the different types of 
relations among the elements of belief systems has the 
potential to reveal not only how they are connected but 
also what pathways one could target for belief change, 
as will be made clear in a subsequent section.

Are belief systems malleable?

Even though we proposed that the connectivity of the 
different elements of a belief system involves more than 
transitory relations, it does not mean that these relations 
are rigid and unchangeable. The flexibility of belief 
systems is revealed in a range of situations: from simply 
making salient inconsistencies known to the believer 
(Rosen & Wyer, 1972) to cataclysmic events that com-
pletely reshape one’s core beliefs (Falsetti et al., 2003). 
Some of the most compelling evidence of belief-system 
flexibility comes from experiments that involve net-
works of interacting participants (Macy et al., 2019). In 
one such study, Republicans and Democrats were first 
asked to indicate their political affiliation and were then 
randomly assigned to 10 different “worlds.” Participants 
had access to information that was circulating in only 
their designated world. At this time, they were asked 
to indicate their agreement with a list of 20 political 
and cultural opinion statements. Participants in some 
of these worlds could see which party (Republican or 
Democrat) was more likely to agree with an item, 
whereas participants in other worlds answered the 
questions without being given information about which 
party is more likely to endorse a statement. Finally, 
participants’ agreements with the statements were used 
to update the relative support coming from each party 
that was presented to the other participants in the 
world. The main result of this study is that some beliefs 
that ended up being widely endorsed by Republicans 

in one “world” became widely endorsed by Democrats 
in another “world,” and thus establishing that the belief 
systems emerging out of the interactions among indi-
viduals are relatively unpredictable (Macy et al., 2019).

In sum, we claim that these belief systems exhibit 
constraints and homeostatic forces that make them rela-
tively stable while at the same time being dynamic and 
changeable under certain circumstances. A mapping 
that expands measurement of a belief system in the 
domain of evidence and perceived norms would likely 
reveal the nature of the system’s stability and the pres-
sure points that could be targeted to guide belief and 
behavior change.

Belief Systems Are Shaped by  
Social Interactions

One reason why belief-based interventions might not 
be as impactful as expected is that belief systems are 
constantly reinforced by the communities that the indi-
vidual belongs to. Consistent with this claim, an exten-
sive literature in psychology has established that an 
individual’s cognition is shaped by social interactions, 
for example, through informational influence (Bicchieri 
& Dimant, 2022; Deutsch & Gerard, 1955; Smith & 
Semin, 2007). Interactions that take place in small 
groups (Vlasceanu & Coman, 2022) or larger social 
networks (Christakis & Fowler, 2009; Vlasceanu et al., 
2021b) constitute the main engine for the formation of 
collective beliefs. Therefore, if people are interested in 
increasing the efficiency of belief-based interventions, 
they must understand both how collective beliefs are 
formed in communities and how to measure collective-
belief systems.

“Collective beliefs” has been broadly defined as the 
joint commitment of a group to accept a statement as 
true (Friedkin et al., 2016; Gilbert, 1994). Using a social-
interactionist approach, we similarly define “collective 
beliefs” as individual beliefs shared by members of a 
community that bear on the collective identity of that 
community. This definition raises two considerations 
when measuring collective beliefs. First, what constitutes 
a shared belief? For example, an initial assessment of 
whether a set of beliefs is shared by the members of a 
community can be performed by computing the degree 
of synchronization or alignment between the different 
individuals within a community (Coman et  al., 2016; 
Vlasceanu et al., 2020). This computation assesses the 
degree to which different beliefs are endorsed in com-
mon by community members and opposed in common 
by community members. For instance, recent work 
showed how conversational interactions lead to increased 
synchronization in social networks by increasing com-
munity members’ believability of beliefs held in common 
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and by decreasing the believability of beliefs opposed 
in common (Vlasceanu et al., 2020). In addition to this 
quantitative assessment of sharedness, we propose that 
an essential feature of a shared belief is individuals’ 
understanding of the social consensus regarding a given 
belief—in other words, recognizing that the belief is 
widely endorsed by one’s affinity groups.

The second consideration of a collective belief lies in 
the belief’s centrality to the group’s identity. The central-
ity feature can be quantified as the degree to which a 
belief is idiosyncratically held by a group compared with 
other groups or with the general population. For exam-
ple, the belief that immigrants “hurt the country and 
make it a worse place to live” is a collective belief of 
Republicans in the United States, given that this belief is 
held by 59% of Republicans but only 21% of Democrats 
(Fox Poll, 2022). However, the belief that “eating carrots 
makes eyesight sharper” is not a collective belief accord-
ing to our definition because it is not preferentially 
endorsed by members of a community (Vlasceanu et al., 
2021b). This criterion of collective beliefs aligns with 
social-identity theory (Tajfel & Turner, 2004) and with 
the identity-based model of political belief (Van Bavel & 
Pereira, 2018).

Applications: Targeted Interventions  
in Communities

Conceptualizing collective beliefs using the framework 
introduced here has the potential to (a) facilitate a  

more systematic investigation of belief systems and  
(b) increase the impact of belief interventions that could 
lead to meaningful and stable behavior change. In what 
follows, we elaborate on how interventions could capi-
talize on the framework we propose in this article.

First, one could measure the degree to which indi-
viduals endorse certain beliefs in a particular domain 
(Brandt, 2022). Individuals could also be asked to pro-
vide an assessment of the evidence that supports/
opposes the beliefs they hold and the perceived norms 
associated with these beliefs. Vectors could be created 
to capture each participant’s belief system with either 
binary values that indicate the presence or absence of a 
belief (evidence and perceived norm) in the individuals’ 
belief systems or continuous values to capture the 
strength of their endorsement. These vectors could be 
aggregated into matrices that contain the vectors of mul-
tiple participants that make a particular community (i.e., a 
participant-by-item matrix). Transforming this matrix 
from a two-mode network (i.e., a participant-by-item 
matrix) into a one-mode network (i.e., item-by-item 
matrix) would capture the number of community mem-
bers that hold two belief elements in common. A graph-
based representation of such a belief-system network 
(see Fig. 2) would not only provide a visual representa-
tion of the belief units that are more central to a com-
munity’s belief system but also highlight certain pathways 
that could be used for intervention purposes.

For example, the belief that “climate change is due to 
natural causes” (B1 in Fig. 2) could be a central belief in 
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Fig. 2. An illustration of the mapping of a community’s belief system. (Left) A social network of individuals who interact with one another 
(represented as bidirectional arrows) and update their evidence (E), beliefs (B), and perceived norms (N). The degree of activation of each 
one of these constructs is captured by the shades of gray associated with each person’s belief system elements. (Right) A graphical represen-
tation of the collective beliefs of the community, computed as a function of the proportion of participants who endorse any two constructs 
in common. The thickness of the link indicates the proportion of the community members that holds the two belief elements in common. 
Note that the social-influence dynamics that occur on the left panel will shape the aggregated belief system on the right panel, making links 
thicker (i.e., endorsed by more people in common) or thinner (i.e., endorsed by fewer people in common).
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some communities. Furthermore, it could be simultane-
ously endorsed by multiple individuals in the community 
along with the “evidence” that “periods of global warming 
occurred in the past, even before humans were roaming 
the planet” (E4 in Fig. 2). The perceived norm that “most 
Americans have changed their minds that climate change 
is human-made, during the last 10 years” might also be 
endorsed collectively by the community (N4 in Fig. 2) 
and be connected with B1. Being able to model these 
connections in the community’s belief-system network 
provides an entry point for interventions. Such interven-
tions could involve focusing on the subset of participants 
in the community who endorse the inaccurate belief  
elements in common. This could be done by both 
attempting to understand the social-influence processes 
that facilitated the shared endorsement of these beliefs 
(e.g., highly connected nodes who spread false beliefs) 
and by targeting these specific individuals with well- 
established interventions to reduce the dissemination of 
inaccurate beliefs through the network. Attempting to 
change a community’s widely endorsed (and inaccurate) 
belief that “climate change is due to natural causes” could 
become a more tractable problem once its connectivity 
in the community’s collective belief system is understood. 
This approach still requires empirical evidence in the 
form of controlled experiments that test these interven-
tions against other available strategies. But the infrastruc-
ture, methodology, and analytical techniques to allow for 
such empirical tests are already in place (Vlasceanu et al., 
2018).

Conclusion

Changing entrenched beliefs to alter people’s behaviors 
and increase societal welfare has been at the forefront of 
a growing body of interdisciplinary research. Here, we 
propose a new framework of conceptualizing individual 
and collective beliefs as a multidimensional system of 
mental representations across three cognitive structures 
(e.g., evidence, beliefs, and perceived norms) that are 
continuously influenced by complex informational land-
scapes. This account of collective beliefs helps explain 
beliefs’ long-term resilience to behavioral interventions 
and suggests that a promising avenue for increasing the 
effectiveness of misinformation campaigns should involve 
the graph-based mapping of communities’ belief systems: 
the BENDING model. This mapping can be used to iden-
tify the network connections that could be targeted as 
part of community-wide interventions.

This approach meaningfully advances the field by 
suggesting that to change individuals’ beliefs in conse-
quential and long-lasting ways, a more efficient strategy 
than the current status quo involves collective-level 
targeting of belief systems. This targeting strategy builds 

on the premise that people’s beliefs are shaped and 
continuously reinforced by social interactions. There-
fore, interventions scaffolded onto a community’s belief 
system will be more efficient than those targeted at 
individuals in isolation. Beliefs that are inaccurate and 
central to the community’s belief system could be  
corrected with strategies that consider their connectivity 
in the community’s belief system. The alternative, tar-
geting beliefs simply based on their level of endorse-
ment in the population, which involves just a proportion 
of people who endorse a particular belief, is likely 
suboptimal. Experiments involving both controlled lab 
experiments and randomized controlled trials in the 
field should test this conjecture.

Given their novelty, network-based approaches aimed 
at understanding and intervening on belief systems are 
in need of meaningful development. First, different mea-
surement approaches (e.g., causal-attitude network, 
BENDING model) might benefit from comparative eval-
uations to establish their descriptive and predictive use-
fulness for different contexts. Note that these models 
make different predictions about which pathways might 
be more efficiently targeted to change a community’s 
behavioral responses. Second, programmatic investiga-
tions should be undertaken to establish which connec-
tivity features of the belief system should be targeted 
for intervention. For instance, focusing on the central 
nodes of the belief system first could be more meaning-
ful but could also result in unintended backfire effects 
or targetting highly connected nodes in the community’s 
belief system as opposed to sparsely connected nodes 
could be differentially impactful for changing their 
beliefs. Finally, but maybe most important, the ethical 
dimension of intervening on belief systems should be 
front and center. Various actors might be interested in 
the social engineering of a community’s beliefs, from 
corporations to governments. Regulations and transpar-
ency around belief-system interventions should be made 
clear to the targeted communities, and their well-being 
should constitute the main priority.

The approach proposed here has already opened new 
avenues for future research an will likely be used to tackle 
some of the most critical challenges facing modern soci-
ety, from climate-change mitigation to pandemic pre-
paredness. For instance, how do efficacy beliefs around 
pro-environmental behaviors or pandemic prepared-
ness interact with perceived normativity of adoption 
and support for environmental policies? What are the 
optimal paths of intervening to stimulate climate action 
or preventive pandemic behaviors across different polit-
ical and cultural communities? Using the new network 
approaches to belief systems, we claim, will get 
researchers closer to answering these questions and, 
thus, making an impact in the world.
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